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1. 

 

Motivation I 
 
Paradigm of random sampling 

Theory of population inference 

Assumptions do not hold in presence of non-response 

Possibility of approximating the assumptions with suitable adjustment 

Assessment of whether adjustments are suitable is rarely satisfactory 

 

Context of non-probability sampling 
 



 
2. 

 

Motivation II: Random Sampling Context 
 
Increasing difficulties to obtain / maintain response rates 

Associated increasing costs / effort 

Response rate as quality indicator: Public / user perception 

 

Non-response error 
 



 

3. 

 

Non-Response Error 
 
Survey response as a deterministic vs. probabilistic process 
 
Deterministic model (Groves 1989): 
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4. 

 

Non-Response Error II 
 
Probabilistic model (Bethlehem 2002): 
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Where iρ  is the participation propensity of unit i. 
 
 

 



 

5. 

 

Non-Response Error III 
 
Under either model, the realised error due to non-response is: 
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The aim of the survey researcher should be to seek effective ways to 
minimise both components, noting that 

- the components are not independent; 

- the second component is estimate-specific. 

 



 

6. 

 

Trends 
 
Declining response rates 

Increasing cost and effort of maintaining/achieving response 

Increasing concern regarding non-response 

Increasing interest in alternatives to traditional approaches 



 

7. 

 

Current Issues / Themes in NR Research 
 
Tailoring (Groves & Couper 1998) 

Responsive designs (Groves & Heeringa 2006) 

Use of paradata (Couper & Lyberg 2005) 

Distinctiveness of longitudinal surveys (Watson & Wooden 2009; Couper & 
Ofstedal 2009) 

 



 
8. 

 

ESRC Survey Design and Measurement Initiative 
 

One response to the above trends 

A main focus is on reduction of non-response and of non-response bias 
(not on adjustment) 
 

“…project(s) addressing this area are expected to undertake research into why 
and how people do or do not co-operate with surveys in order to facilitate the 
development of more effective techniques for maximising response rates and 
minimising non-response bias.” 
 ESRC SDMI Specification 

 

Four out of seven SDMI projects focus on non-response issues 



 
9. 

 

“Understanding Non-Response and Reducing Non-
Response Bias” – SDMI Project 
 
Project Team 

ISER, Essex: Peter Lynn 
 Annette Jäckle 
 Heather Laurie 
 Laura Fumagalli 

ISER/ GESIS: Annelies Blom 

NatCen: Gerry Nicolaas 
 Jennifer Sinibaldi (Rebecca Taylor) 
 Sarah Tipping 

 

 
 



 
10. 

 

Sub-Projects 
 

1. Review: Framework of factors affecting NR bias 

2. Effects of marginal response efforts on NR bias 

3. Links between field processes and NR bias: using call data 

4. Effects of design features on NR bias 

5. Design features to reduce attrition on longitudinal surveys 
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www.surveynet.ac.uk/sdmi 
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Interviewer Traits and Co-operation 
 

Role of interviewers’ experience, attitudes, personality traits and inter-
personal skills in determining survey co-operation 

Previous research on doorstep interactions 

We measured traits, skills and attitudes simultaneously 

Large sample: 845 interviewers; over 100,000 sample units 

Interviewer survey linked to NatCen call record data 
 



 
13. 

 

Interviewer Traits and Co-operation II 
 

Considerable interviewer variance in co-operation rates 

Interviewer experience and attitudes predictive 

Traits associated with increased propensity to achieve co-operation: 
extroversion, conscientiousness, lack of agreeableness 

Difference between genders largely explained by differences in traits and 
attitudes 

Effect of experience only partially explained by differences in traits and 
attitudes 
 



 
14. 

 

Differences between male & female interviewers 
 

• Co-operation rates:  

– Male: 55.7%, Female: 60.2%, (P=0.000) 

• Due to differences in characteristics? 

• Decompose differences in mean predicted co-operation rates between 2 
groups into 

– Differences in characteristics and 

– Behaviours (coefficients and residuals) 

– See Even & Macpherson (1993) Journal of Human Resources  

 
 



 
15. 

 

Differences between male & female interviewers 
 
Simulation: 

– RE logit, probability of co-operation 

– Full model: attitudes, experience, traits, skills + controls 

– Separate model for male and female interviewers 

– Predicted co-operation rates, at mean/modal values 

Predicted co-operation rates: 

– Male  (Xm, ßm): 57% 

– Female (Xf, ßf): 74% 

– Female model with male characteristics (Xm, ßf): 59% 

– 15% points explained by differences in characteristics 

– Which characteristics are most important? 
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Differences between male & female interviewers 
 
Total difference due to characteristics: 
 
 
 
 

Difference due to individual characteristic r: 

( ) ( )[ ] ( )
( ) 









−
−−=

FFM

FrFrMr
FFFMr

βXX
βXX

β,XPβ,XPEXP
ˆ

ˆ
ˆˆ  

( ) ( )FFFM β,XPβ,XPEXP ˆˆ −=

weight for ∆ in distribution of rth variable 
 



 
17. 

 

Differences between male & female interviewers 
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18. 

 

Differences between more and less experienced  
interviewers 
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Tracking / Tracing 
 

Variety of possible actions to maintain or re-establish contact 

Each has effects on a) costs, b) outcomes 

Little is known about relative effectiveness (Couper and Ofstedal 2009) 

 
 



 
19. 

 

Tracking / Tracing 
 

Variety of possible actions to maintain or re-establish contact 

Each has effects on a) costs, b) outcomes 

Little is known about relative effectiveness (Couper and Ofstedal 2009) 

Two recent studies beginning to address this: 

   McGonagle, Couper and Schoeni (2009) - PSID 

   Fumagalli, Laurie and Lynn (2009) - BHPS 
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BHPS Study 
 

Between-wave contact information mailing: 

- Address confirmation card vs. Change-of-address card vs. neither 

- Incentive: conditional vs. unconditional (each 2 amounts) 

 
 



 
20. 

 

BHPS Study 
 

Between-wave contact information mailing: 

- Address confirmation card vs. Change-of-address card vs. neither 

- Incentive: conditional vs. unconditional (each 2 amounts) 

Respondent report 

- Standard vs. Tailored (young/ busy/ other) 
 



 

Standard 
Report 

 



 
22. 
 

Tailored Report (young) 
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Return rates: 
 

- Confirmation card, unconditional:  40.7% 
- Confirmation card, conditional:  33.6% 
- Change only card, conditional:  14.5% 
- No card:  7.0% 
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Return rates: 
 

- Confirmation card, unconditional:  40.7% 
- Confirmation card, conditional:  33.6% 
- Change only card, conditional:  14.5% 
- No card:  7.0% 
 
Wave 18 ‘untraced’ rates: 
 

- Confirmation card, unconditional:  0.19% 
- Confirmation card, conditional:  0.39% 
- Change only card, conditional:  0.07% 
- No card:  0.20% 
 
Wave 18 Response rates 
 

- Tailored report: 89.1% 
- Standard report: 87.8% 
 
 



 

24. 

 

Conclusions 
 

Much interest in NR research currently 

Reduction and adjustment 

Responsive designs 

Tailoring of various aspects 

Use of paradata 

Some re-consideration of design-based vs. model-based vs. model-assisted 
approaches to inference 

 
 
 



 

25. 

 

Forward Look 
 

NR Research should focus on identification of actionable outcomes - which 
could be either in terms of reduction or adjustment 

There is still much to be explored in terms of non-response reduction 

User/ public perception issue maybe deserves more attention that scientific 
grounds alone would suggest 

Survey statisticians may need to work harder to demonstrate the accuracy 
of survey samples, paying particular attention to differences/changes in 
accuracy due to falling response rates or changing response composition 
 


